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Recommendation algorithm design of network learning
resource based on ontology

ZHAOQO Ji-chun!? ,SUN Su-fen''? -GUO Jian-xin'"? . ZHONG Yao'*?,
WANG min'?*,QIN Ying'?

(1 Beijing Academy of Agriculture and Forestry Sciences, Beijing 100097, China;
2 The Research Center of Beijing Engineering Technology for Rural Remote Information Services, Beijing 100097, China)

Abstract: In view of the problem that learners are faced with information overload in the network learning platform,
which leads to insufficient access to personalized information, this paper applies the domain ontology construction
method to model and represent the data of learning courseware, and constructs a learner feature model based on
domain ontology and learner attribute information. The model has semantic support combined with domain ontology
theme and basic information elements of learners and updates with time. Based on the learning feature model, a
collaborative filtering recommendation method is designed to integrate similarity, which can effectively solve the
problem of cold start and lack of semantic support. The experimental results show that the data recommendation
precision of proposed method is better than the traditional collaborative filtering recommendation method, the
accuracy of data recommendation decreased by 12. 29% ., effectively improving the quality of data recommendation.
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